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GLM-5.3 model
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CLOSED MODELS OPEN MODELS

Many model options

The market has increased in model availability

Labs release their
first open weight
LLMs

Open models
become viable
alternatives

Specialized models come
onto the market

Open models
are now frontier
models

Frontier closed
source models
come to market
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Stage 5

Th e jO urn ey Of (@ p en P Stage 4 Many specialized

model adoption ecton | Post-trining, models
p points ne-tuning Match tasks to the
def 'P-b-l-t Improve quality on best model
erensipility,
Sta!ge 3 training on your data :
Dedicated private vs | |
deployments public data i |
H ;I—) 1
Predictable : |
performance and !
Stage 2 reliability .
2 Open source .
£ ) via API |
o Inflection N A W/ i
o points ost control an
E Stage | c basic tuning
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‘f rate limits, .
T':u Ship quickly with governance i
- minimal infra o :
. :
S 1
° |
n!: 1

INITIAL ADOPTION SCALING ADVANCED INTEGRATION
Complexity and infrastructure burden over time
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GLM-5.3

RELEASED IN AUGUST

Z Al first released GLM-5.3 on their
first-party platform and API, then opened

14 Research

up model weights two weeks later. GLM-5.3: Frontier Coding with Emergent
Cyber Capabilities
B3 coltaza 2 £3 zaicodngpon A 3 codewtnzoode A (5 ugainar

OX ALPHA AS FLASH

GLM-5.3 Flash was released as a stealth
model Ox Alpha with generous free-tier

usage on OpenRouter, generating hype for SR i o
the main model release. e fremmaz
OPEN WEIGHTS \ a li En =IC

GLM-5.3 Flash is released under an MIT
license, while GLM-5.3 includes usage
restrictions for inference providers with S10B
in revenue.
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GLM-5.3 Flash GLM-5.3

Total Total
params ? ? 4 B params
params fI
params
Artificial Analysis overall Artificial Analysis overall
intelligence score intelligence score
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GLM-5.3
Benchmarking
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Z: Artificial
Analysis

GLM-5.3

dependent evaluatlon of Z.ai’s new frontier open weights models

ARTIFICIAL ANALYSIS



m Artificial Analysis is the leading Al benchmarking company

Models  Coding Agents ~ Speech,Image, Video  Inference  Lesderboerds  About  AlTrends & Aenas ° Q ®xK m e

LauNGH s

Independent -
analysis of Al |

Understand the Al landscape to choose the best Optima WE BENCHMARK THE FULL Al STACK

model and provider for your use case

Agents

Highsants Models paired with a harness and tools to Coding Agent Index
complete multi-step tasks
M Intelligence Speed m Cost per Task
Models Artificial Analysis
Language, image, video, speech and music Intelligence Index

models, proprietary and open weights

Cloud

Inference Providers

The infrastructure that hosts and serves the Leaderboard
models
Changelog i
Chips AA-AgentPerf
Recommender .
8 Muse Sperk 13 Mela reaches the fronter The accelerators the models run on

.
{8 Google has released Gemini 3.8 Flash, its fourth Flash modsl in undr four
meerthe

00 Muse Spark 13 (max)

= .
Build your own custom . 93 Musc tparc L eny
benchmark : .

G Gemini 38 Flash flow)

Z Artificial

Analysis
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m GLM-5.3is the leading open weights model

Artificial Analysis Intelligence Index by Open Weights / Proprietary

t

® Proprietary ® Open Weights (Commercial Use Restricted) Open Weights
Z Artificial Analysis
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Agents 20% Coding 20v General 30% Scientific Reasoning 20
AA-Briefcase - GDPval-AA v2 Terminal-Bench v4.0 AA-Omniscience Accuracy - Non-hallucination Humanity’s Last Exam
AutomationBench-AA SciCode GDP.pdf - AA-LCR v11 CritPt
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m Open weights models are keeping within 3—9 months of the
proprietary frontier

Progress in Open Weights vs. Proprietary Intelligence

>e Index v4.3 inco evaluat A-B

® Proprietary @ Open Weights

Z: Artificial Analysis
60 -

45 -

30 -

Artificial Analysis Intelligence Index

' ' 1 1 i i ! !
Nov 22 May 23 Nov 23 May 24 Oct 24 Apr 25 Oct 25 Mar 26 Sep 26

Release Date

Z Artificial 04/13
Analysis



m GLM-5.3-Flash is on the Cost per Task vs. Intelligence Pareto

frontier

Intelligence Index vs. Cost per Intelligence Index Task

Artif ence Index - Weighted average cost (USD) per Artificial Analysis

Inte!

Most attractive quadrant -+« Pareto line

©® Google ® Thinking Machines ® ZAl @ MiniMax @ OpenAl ® Anthropic ® Meta © NVIDIA ® DeepSeek @ Alibaba ® SpaceXAl @ Mistral ® Kimi @ Xiaomi @ I|BM
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........ PT-56 Sol
E o = Grok a6 (nigh)  @EFLE6 %ol (ma)
3 GLM-5.3-Flash " Kimi K3 (maf) .
= , T G emini 3.8 Flash (high) @
g 40 GPT-5.6 Luna (max) gy T 56 Terra (max) @ 0Qwen3.824T A95B
i, s gt @ DeepSeek V4 Pro 0813 (max)
= @ Qwen3.8 278 (xhigh)
w
2 30 - @ MiniMax-M3
g 2 @ Inkling
= @ Gemini 3.5 Flash-Lite @Nomotron 3 Ultra
5 20-
£ @ Muse Glimmer (high)
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Z Artificial

Analysis

Cost per Task (USD, Log Scale)

GLM-5.3-Flash is ~8x cheaper per task:
$0.25 per Intelligence Index task vs. $2.01
for GLM-5.3

Both models exhibit similar token use:
output per task is nearly identical (68.7K
vs. 711K tokens, ~47K of it reasoning), and
Flash reads more input (7Z.7M vs. 6.0M
tokens), driven by a higher number of
turns in agentic benchmarks

Price is the key driver of the cost per task
difference: across most providers
(including Baseten) base GLM-53 is
priced at $1.40/$4.40 per 1M infout (same
as 5.2), with an 81% cached input
discount and 99.5% measured hit rate.
Flash is $0.15/$0.50
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m Time per Task varies nearly 15x across providers

Intelligence Index vs. Time per Task m Comparable Time per Task between
g:c‘?:d';/\%l—’:n:;,‘_l?:g;.i‘::x - Weighted average decode time (minutes) per task; GLM'5-3 and Flash: G LM'5.3—FlaSh
averages 14.8 minutes per task, while
Mostigtvactioduadiant * Barefo ling GLM-5.3 averages 14.6 minutes on the
®Google ® ThinkingMachines ®ZAl ® MiniMax ® OpenAl ® Anthropic ®Meta ©NVIDIA ® DeepSeck ® Alibaba ® SpaceXAl © Mistral @ Kimi © Celeris first-party endpoint, due to similar token
0 2 Artificial Analysis use and endpoint speeds between the
= e DomOtRn ..9?1'?.".5.'.'? (MaX) . evenenes 4@ Claude Fable 5.1 (max with fallback) two models
x §0- g Muse Spark13 (max) Claude Fable 5 (with fallback) g @ Claude Opus 5 (max)
2 e o @GET-55 Solimavi—
? %1 g Gemini 3.8 Fash (righ) - - ® & @crokasmhion o @CLM-53(may @ Kimi K3 (max)
2 ° GPT-5.6 Terra (max) @ GLM-53-Flash
g 40 - @ Qwen3.8 24T A958B
% 35 - @ GPT-56 Luna (max) @ DeepSeek V4 Pro 0813 (max)
E @ Quen3.8 27B (xhigh)
[} J
:& 30 - @ MiniMax-M3
2 5. ¥ @ Inkling e .
2 ‘e @ Nemotron 3 Uitra m Large variation across providers: GLM-
° - . G i 3.5 Flash-Li .
% 207 oM g use Gimmer (g 5.3 ranges from 2.8 to 24.1 minutes per
b3 : A ; .
Ll .oz e task across 14 provider endpoints, an
0° 4 8.6x spread. GLM-5.3-Flash ranges from
5 ' ' ' ' ' = =
o & oh o5 - 555 2.7 to 38.3 minutes across 17 endpoints, a
Time per Task (Minutes) 14.2x spread
Z Artificial 06713
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m GLM-5.3 and GLM-5.3-Flash have strengths in agentic knowledge work and coding

AA-Briefcase Elo

AA-Briefcase is an agentic knowledge work benchmark developed by Artificial Analysis.
AA-Briefcase Elo is a combined metric that aggregates rubric pass rate, analytical
quality Elo and presentation Elo - Higher is better

x © B ®
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Terminal-Bench v4.0: Score

Benchmark developed by the Laude Institute, Stanford, and open-source contributors -
Independently benchmarked by Artificial Analysis

591%

52.0%
49.0%
I I ] I‘“g% ]

Z Artificial
Analysis

Z Artificial Analysis

Z Artificial Analysis

Strong performance on agentic knowledge work: GLM-
5.3 and Flash rank 6th and 7th of 130 models on GDPval-
AA V2 (1676 and 1669 Elo). GLM-5.3 leads all open
weights models on GDPval-AA v2, AA-Briefcase and
AutomationBench-AA

GLM-5.3 excels for coding use cases: 41.9% on
Terminal-Bench v4.0, 1st among open weights models,
vs. 32.8% for Flash. 59.0% on SciCode vs. 51.6%. These
91pp and 7.4pp gaps are the widest of any index
component

Weaker on knowledge recall and document work: AA-
Omniscience accuracy is the lowest-ranked component
for both models (33.9% and 27.5%), with non-
hallucination helped by abstaining on roughly half of
questions. Also weaker on GDP.pdf, AA-LCR and CritPt

07 /13



m GLM-5.3-Flash’s multimodality makes it a stronger choice for

| reasoning tasks

viSua

All-pass

Share of attempts where every atomic criterion passed - Independently benchmarked

by Artificial Analysis

GDPpdf

Z: Artificial Analysis
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m What is AA-Briefcase?

EVALUATION

Scenarios

AA-Briefcase is built around four major knowledge work
areas, with each structured as a separate project
scenario

Weeks
Each scenario is made up of a number of weeks designed
to simulate a professional workflow

Tasks

Each week has up to five distinct tasks, which the
agent has to complete within the scenario and week
context

Checks

Each task is graded across three dimensions: objective
rubric checks, analytical quality, and presentation
quality, with task-specific criteria for each

comparison

Analysis

AA-Briefcase
H

Data Product Banking Heavy Industry
i ment Operations Strategy

Week 1 Week 5 Week 6
Task 4
Rubric Analytical Quality Presentation
binary pass or fail across criteria " pairwise vs. another model pairwise vs. another model

m Realistic, long-horizon projects: multi-week projects
with real deliverables like financial models and board
decks. Leading models spend 20+ minutes per task

m High volumes of fragmented context: ~2,000 source
files including 3,500+ emails and 25,000+ Slack
messages — fragmented and contradictory, like real
work

m Fully private dataset: all 91 tasks, inputs and rubrics are
private. A public sample, AA-Briefcase Lite, is on
Hugging Face

m Composite rubric and pairwise grading: binary rubric
checks for correctness, plus pairwise grading on
analytical quality and presentation

m Built by industry experts: tasks built over months by
experts from Google, McKinsey & Company and BCG

m Reflects real-world complexity: the top model meets
every rubric criterion on just 3% of tasks; on 310f 91, no
model exceeds 50%

Every model runs in Stirrup, our open-source agent harness,
with up to 500 turns per task. A panel of judges scores each
submission on all three dimensions, combined into a single AA-
Briefcase Elo.

09713



m GLM-5.3 gains +281 Elo on A A-Briefcase over GLM-5.2

AA-Briefcase Elo

AA-Briefcase is an agentic knowledge work benchmark developed by Artificial Analysis.

AA-Briefcase Elo is a combined metric that aggregates rubric pass rate, analytical

quality Elo and presentation Elo - Higher is better

Z: Artificial Analysis

10713
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m Model capability differs across the dimensions of A A-Briefcase

AA-Briefcase Analytical Quality & Presentation Elo
Elo of analytical quality and presentation pairwise checks from model submissions

Higher is better

® Analytical Quality Elo ® Presentation Elo

£

Z: Artificial Analysis

AA-Briefcase Rubric Score (%)

Task-level rubric pass rate from binary rubric checks - Higher is better

Z Artificial Analysis
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m Large gains on AA-Briefcase: GLM-5.3
improves from GLM-5.2’s 1234 Elo to 1515,
while GLM-5.3-Flash reaches 1455. The
largest gains are in Analytical Quality, with
GLM-5.3 up 512 Elo and Flash up 370.
Rubric pass rate also rises from 36.1% to
51.3% and 46.4%

m GLM-5.3-Flash leads on presentation:
Flash scores 1404 Presentation Quality Elo
vs. 1355 for GLM-5.3, and is the only model
to inspect its own outputs, making 1,631
view_image calls across 89 tasks. GLM-5.3
and GLM-5.2 make none

m GLM-53 leads on substance: it scores 142
Elo higher than Flash on Analytical Quality
and has a higher rubric pass rate overall
(51.3% vs. 46.4%) and across every file
type. Flash also uses more turns, averaging
146.5 per task vs. 109.9 for GLM-5.3

1713



m The same task, one generation apart

Week 1, task 3: build a 25-slide pre-LOI target assessment for a New Zealand shell-egg producer, from a fragmented public and sell-side evidence
base. Two slides from each model’s submission.

GLM-5.2
1234 AA-Briefcase Elo - $1.86 / task

GLM-5.3-Flash
1455 AA-Briefcase Elo - $0.87 / task

GLM-5.3
1515 AA-Briefcase Elo - $5.65 / task

610k 18% 13.1m USD 50.9m

Channel mix, customer concentration and retailer structure T S e on and counterparty

Z Artificial 12/13

Analysis



Artificial Analysis

Z%: Artificial
Analysis

Z: Artificial Analysis Optima

Benchmark GLM-5.3 on your own
use cases

artificialanalysis.ai/models/glm-5-3 artificialanalysis.ai/optima

Scan for the full analysis

GLM-5.3 - September 2026




= ZEZEE =
- i
X%} DHDOD
m m m Mommommmm
EEEr e zz=z==

© BASETEN 2026. ALL RIGHTS RESERVED.

Top use cases
for GLM-5.3
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Low-cost coding
with open models

CODEX AND CLAUDE CODE

® © @ Baseten Switch

* Claude Code
Slobal fouting is On. Claude Code req

Use Baseten Switch to re-route calls from
expensive closed models to low-cost open
models without changing your harness

@ Model Routing

Kimi K3
GLM 5.2 Fast

GLM 6.2

INDEPENDENT HARNESSES

Inkling

A large number of excellent services like
Cursor, Factory, Opencode, and dozens S R——
more offer direct access to open models or ' S e I Ve vt G i
bring your own key options -

GLM 5.2 Fast
afe defait: rea

TR ;- cioue Code settin
TWO MODELS FOR BETTER OUTCOMES s SR

Kimi K3

Use GLM-5.3 for long-horizon tasks and main
agent work management, let GLM-5.3 Flash
handle simple subagent tasks at a lower
cost.

? © BASETEN 2026. ALL RIGHTS RESERVED.




Al products where
you need control

OWN YOUR INTELLIGENCE

Run inference on GLM-5.3 and GLM-5.3
Flash for independence from large labs
and zero data retention on Baseten’s
compliant infrastructure platform

FINE-TUNE BEHAVIOR

GLM 5.3 models are excellent bases for
fine-tuning domain-specific knowledge and
application-specific behavior into fast,
inexpensive, generally capable models

PACT BENCHMARK

GLM-5.3 is the smartest model to get a
strong score on the PACT benchmark, which
measures if a model will refuse an
out-of-policy step in a workflow when
pressured

© BASETEN 2026. ALL RIGHTS RESERVED.

PACT

Rule-following under pressure, ranked

PACTScore over 3,364 regulated-workplace items, 3 runs each. An item passes only if the model

holds on all 3.

® Open-weight @ Closed

1 Kimi-K2.7-Code ©°en

2 Qwen3.6 27B open

3 Claude Haiku 4.5 ctosen
L Kimi-K2.6 oren

S GLM-5.3 open  new

6 GPT-5.6 Luna ctoseo

7 Inkling open

8 GLM-5.3-Flash open neu
9 Gemini 3 Flash ctoseo

10 Nemotron-3-Ultra orer

0.924

0.

936

.oug

.96

0.9u44

0.943

0.937

0.935

0.934

0.934

p.931

0,931

0.929

0.929



Al products
operating at scale

WE HAVE CAPACITY

GLM-5.2 was a breakthrough model, and
we estimated substantial demand for
GLM-5.3, so we allocated a large amount
of compute to the model

EFFICIENT SERVING

GLM 5.3 models are relatively stable to
serve with a familiar architecture that
benefits from multiple generations of
inference optimizations H

COST EFFECTIVENESS

GLM-5.3 Flash is ¥s the cost of GLM-5.3 on a
per-task basis making it an incredibly
cost-effective choice for large-scale
deployments

? © BASETEN 2026. ALL RIGHTS RESERVED.
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Inference can mean success
or failure for Al initiatives

Users engage with Al product Product value

‘» GREAT INFERENCE
> Feels fast
Stays reliable

Improves quality
Cost effective

INFERENCE —

\
POOR INFERENCE

Vv

Users churn
Costs balloon
Inconsistent
Quality degrades

®J CURSOR

? © BASETEN 2026. ALL RIGHTS RESERVED.



GLM-5.3 was created using only post-training

? © BASETEN 2026. ALL RIGHTS RESERVED.



EfﬁCient frontier Some techniques manage tradeoffs
In inference

INFERENCE IS ABOUT TRADEOFFS

e Lower latency
e Higher throughput
e Lower cost

e  Higher quality

BETTER THROUGHPUT

BETTER LATENCY

? © BASETEN 2026. ALL RIGHTS RESERVED.



Fast mode for
GLM-5.3 API

NO ADP

Z baseten LLM API Speed Test [any tia notei apis « head o fiead

Remove Attention Data Parallelism and
use solely Tensor and Expert Parallelism
configurations

REDUCE BATCH SIZE

Reduce throughput for better latency by
processing fewer requests simultaneously,
increasing cost

TUNE ENGINE CONFIGS

Re-run parameter sweeps across potential
configurations to discover pareto-optimal
latency-throughput tradeoffs

? © BASETEN 2026. ALL RIGHTS RESERVED.


https://docs.google.com/file/d/1tCafM31HwN53NfAvgXP1kU-i824HpanW/preview

OptimizatiOn Some techniques push the frontier
moves the
frontier

ALLOCATE GAINS AS NEEDED
e Lower latency
e Higher throughput

e Combination

BETTER THROUGHPUT

BETTER LATENCY

? © BASETEN 2026. ALL RIGHTS RESERVED.
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Vision for GLM-5.3

CUSTOM PROJECTOR

Train a projector from scratch to graft the GLM 5.3
Kimi K2.6 Vision Encoder ontothe | .. -
GLM-5.X architecture

## Canvas — hard requirements, not suggestions

NO CHANGE IN WEIGHTS

This approach means that the weights of the
model are unchanged, so we do not see
quality regressions across other domains

FLASH HAS DIFFERENT ARCHITECTURE
GLM-5.3 Flash has a different architecture | &

Design the homepage for a neighbourhood flower shop called Bloom & Bramble.

aaaaa

RUN@G

from its larger cousin which includes a native
vision encoder.

© BASETEN 2026. ALL RIGHTS RESERVED.



https://docs.google.com/file/d/1qea9hPBh6IL0x8qP1sxkEfcUnCqdRjLD/preview
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ISCUSSION
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What else would
you like to know
about GLM-5.37




